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“We build ever more sophisticated models to tell us what is
coming, while leaving untouched the decision-making structures
that will determine whether we do anything about it.”

1. The Allure of Prediction

There is something deeply seductive about the idea that we can predict the future of a
complex programme. The promise is straightforward: gather enough data from past
projects, apply the right statistical techniques, and the trajectory of the current initiative
becomes visible — its risks quantifiable, its completion date calculable, its cost estimable
within known bounds. The appeal to senior leaders is obvious. In a world of ambiguity,
prediction offers the appearance of control.

The tools have improved considerably over the past decade. Earned value management
has moved from defence contracting into the mainstream. Monte Carlo simulation is no
longer confined to specialist risk teams. Organisations are investing in project
management offices with analytical capability, building repositories of historical data, and
purchasing software that promises to turn that data into foresight.

And vyet, the track record of large programme delivery has not noticeably improved.
Programmes continue to overrun, to underdeliver, to surprise their sponsors with
problems that were, in retrospect, visible long before they became crises. If the analytics
are getting better, why are the outcomes not?

The answer, in my experience, lies not in the quality of the models but in the nature of
what is being modelled — and in the organisational systems that surround the act of
prediction.

2. The Problem with Historical Data

Predictive analytics in programme delivery rests on a foundational assumption: that the
past is a reliable guide to the future. In stable, repetitive environments — manufacturing,
logistics, routine IT operations — this assumption holds reasonably well. The same
process, repeated hundreds of times, generates data that genuinely predicts how the next
iteration will behave.

But complex programmes are not repetitive processes. Each one is, to a significant degree,
unique. The combination of stakeholders, technology, organisational context, regulatory
environment, and political dynamics that shapes a major transformation programme has
never occurred before and will never occur again in quite the same configuration.
Historical data from previous programmes can suggest broad patterns — that integration
phases tend to be underestimated, that stakeholder resistance peaks at certain points —
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but it cannot predict the specific failure modes of this particular programme in this
particular organisation at this particular moment.

The danger is that the precision of the analytical output disguises the imprecision of the
inputs. A Monte Carlo simulation that produces a probability distribution with two decimal
places of accuracy creates an impression of scientific rigour. But if the underlying
estimates were shaped by optimism bias, if the risk register omits the three most likely
failure modes because they are politically sensitive, if the historical data comes from
programmes that were fundamentally different in character, then the output is precise
nonsense — a confident answer to the wrong question.

Precision in the output does not compensate for bias in the inputs. The most sophisticated
model in the world cannot correct for a risk register that has been politically sanitised
before the data ever reaches the analyst.

3. Why Organisations Invest Anyway

If predictive analytics in programme delivery so often fails to deliver on its promise, why
do organisations continue to invest in it? The answer reveals something important about
the function that prediction actually serves in organisational life.

Prediction, in most organisations, is not primarily a decision-support tool. It is a
legitimacy mechanism. A programme that can present a sophisticated earned value
analysis, a detailed risk-adjusted forecast, and a Monte Carlo probability distribution is a
programme that looks well-managed. It has the appearance of rigour. It satisfies the
governance requirements. It gives the programme board something to review and
approve.

None of this is necessarily connected to whether the prediction is accurate, or whether it
will be acted upon if it suggests the programme is in trouble. The prediction serves its
organisational purpose simply by existing — by demonstrating that the right processes are
in place, that the programme is being run "professionally."

This is not cynicism. The people involved — the analysts, the programme managers, the
PMO staff — typically believe in what they are doing. They genuinely want the forecasts to
be useful. But the organisational system within which they operate has its own logic, and
that logic rewards the production of forecasts far more than it rewards the uncomfortable
act of taking them seriously.

4. The Structural Forces That Sustain the Gap

Several structural forces conspire to maintain the distance between analytical promise
and decision-making reality in programme delivery.

Optimism is baked into the business case. Most programmes are approved on the basis of
a business case that was, consciously or unconsciously, constructed to secure funding.
The benefits are stated at the upper end of reasonable estimates; the costs and timescales
at the lower end. Once the programme is approved, every subsequent forecast is
measured against these original figures. The predictive model inherits the optimism of the
business case, and any analyst who challenges it is, in effect, challenging the decision to
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fund the programme in the first place.

The forecasting cycle rewards stability, not accuracy. Programme boards want to see a
stable forecast — one that moves in small, predictable increments from one reporting
period to the next. A sudden revision, even if it more accurately reflects reality, creates
alarm. Analysts learn quickly that a forecast that changes too dramatically will be sent back
for "review" — which, in practice, means adjustment until it looks less alarming. Over time,
the forecast converges not on reality but on what the governance system will accept.

Accountability flows upward but information flows downward. The people closest to the
work — team leads, technical architects, workstream managers — typically have the most
accurate picture of progress and risk. But the reporting structures require their
assessments to be summarised, aggregated, and filtered before they reach
decision-makers. At each layer, uncomfortable detail is smoothed. The analyst at the top
of the chain receives data that has already been processed through several layers of
organisational optimism.

Predictive models do not account for political risk. The most common causes of
programme failure — loss of executive sponsorship, reorganisation of the host
department, shifting ministerial or board-level priorities, key personnel departures — are
not the kinds of risks that appear in a Monte Carlo simulation. They are political risks, and
they operate outside the quantitative frameworks that predictive analytics relies upon. A
model that ignores them is, at best, predicting the programme's trajectory in a world
where the most important variables are held constant. That world does not exist.

5. What the Experience Actually Reveals

The pattern I have observed across programmes and sectors is not that predictive
analytics is useless. It is that its value lies in a different place than most organisations look
for it.

The real value of analytical work in programme delivery is not in the headline forecast —
the predicted completion date or the cost-at-completion figure. These are almost always
wrong in practice, and organisations that plan around them with high confidence are
setting themselves up for unpleasant surprises.

The value lies in the process of analysis itself — in the conversations it forces, the
assumptions it surfaces, the questions it raises. A well-constructed earned value analysis is
useful not because it accurately predicts the end date, but because it reveals where the
programme is burning through contingency, which workstreams are diverging from plan,
and where the assumptions behind the original estimate have already been invalidated.
These are diagnostic insights, not predictive ones. They tell you where to look, not what
will happen.

The most effective programme leaders I have worked with treat analytical outputs as
diagnostic tools rather than crystal balls. They use forecasts to provoke challenge, to
identify the conversations that need to happen, to create the evidential basis for difficult
decisions about scope, resources, or continuation. They do not use them to reassure
governance boards that everything is on track.
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The value of predictive analytics in programme delivery is diagnostic, not prophetic. A
forecast that provokes the right conversation has done its job, even if the numbers it
contains are wrong.

6. The Conversation We Are Not Having

The deeper issue, which the enthusiasm for predictive analytics tends to obscure, is that
most organisations are not structured to respond to predictions even when they are
accurate. A forecast that says the programme will overrun by forty per cent is only useful
if the organisation has the governance mechanisms, the decision-making authority, and
the political willingness to act on it. In most cases, it does not.

The result is a peculiar organisational pattern: enormous investment in the production of
forecasts, and almost no investment in the organisational capacity to respond to them. We
build ever more sophisticated models to tell us what is coming, while leaving untouched
the decision-making structures that will determine whether we do anything about it.

This is the conversation that the profession needs to have. Not "how do we build better
models?" but "how do we build organisations that can hear what the models are telling
them?" Until that question is addressed, predictive analytics in programme delivery will
continue to deliver precisely what it has always delivered: the comforting appearance of
foresight, without the uncomfortable reality of action.




