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“The proof of concept succeeds precisely because it is
exempt from the constraints that production demands

— and that exemption is what makes it useless as
evidence of production viability.”

The Pilot That Proved Nothing

Every large organisation I have worked with in the past three years has a collection of
successful AI proofs of concept. Impressive demonstrations built by talented data science
teams, validated by enthusiastic sponsors, presented to admiring boards. Many of them
genuinely work. Almost none of them are in production.

This is not a new problem — technology programmes have always struggled with the
transition from prototype to operation — but with AI it has reached an almost industrial
scale. Organisations are not failing to innovate. They are failing to industrialise, and the
distinction matters enormously.

The Structural Lie of the POC

The proof of concept succeeds precisely because it is exempt from the constraints that
production demands — and that exemption is what makes it useless as evidence of
production viability.

A typical AI POC operates on a curated dataset, in an isolated environment, with
dedicated specialist attention, no integration requirements, no security review, no
change management, and no need to operate reliably at three in the morning when
nobody is watching. It proves that a model can work. It proves nothing about whether the
organisation can run it.

The pattern I see repeated is this: a data science team builds something genuinely clever,
demonstrates it to stakeholders who are suitably impressed, and then the conversation
turns to production. At which point a series of previously invisible requirements
materialise — data pipeline reliability, model monitoring, retraining schedules, integration
with legacy systems, regulatory compliance, operational support models — and the
project stalls. Not because the model was wrong, but because the organisation was never



PROGRAMME BOOK SERIES · No. 216 The AI Proof-of-Concept Graveyard — Why Promising Pilots Never Reach P…

© WhereBeyond, 2024–2025 Giovanni Leonardi 3

ready to receive it.

Five Gaps That Kill the Transition

The POC-to-production gap is not one problem but several, and they compound:

• Data infrastructure. The curated dataset that powered the POC does not exist in
production. The real data is fragmented across systems, inconsistently formatted,
variably governed, and often incomplete. Building the pipeline to deliver
production-quality data to a model is frequently more expensive than building the
model itself.

• Engineering capability. Data science teams build models. Production systems require
software engineering, MLOps, infrastructure management, and operational support.
Most organisations have invested heavily in the former and barely at all in the latter.
The people who can build a model and the people who can run one are different
people with different skills.

• Integration architecture. AI models do not operate in isolation. They consume data
from and deliver predictions to existing business systems. The integration layer —
APIs, event buses, data contracts, error handling — is typically the hardest and least
glamorous part of the work, and it is almost never included in the POC scope.

• Change management. A model that changes how decisions are made requires the
people who make those decisions to change how they work. This is organisational
change, not technology deployment, and it requires the full apparatus of stakeholder
engagement, training, process redesign, and sustained support that any significant
change programme demands.

• Governance and compliance. Regulated industries face an additional barrier:
demonstrating that a model is explainable, auditable, fair, and compliant with
sector-specific requirements. This is not an afterthought — it is frequently the
longest lead-time item in the production pathway, and it is almost never started
during the POC phase.

The Organisational Design Problem

What connects these gaps is not a failure of ambition or talent but a failure of
organisational design. Most organisations have structured their AI efforts as innovation
programmes — exploring the possible, demonstrating the art of the achievable, building
excitement and momentum. These are valuable activities, but they are discovery
activities, and discovery and delivery require fundamentally different organisational
structures, skills, and governance.

The organisation that can build a hundred proofs of concept but cannot put one into
production has not invested in AI. It has invested in AI theatre.
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The missing piece is not more data scientists or better models. It is the industrialisation
capability that sits between the innovation lab and the operating business: the MLOps
platforms, the data engineering teams, the integration architects, the change managers,
and — critically — the programme leadership that understands the full pathway from
experiment to operation and can sequence the work accordingly.

What Needs to Change

The corrective is not to stop running proofs of concept — they serve a genuine purpose in
validating technical feasibility and building organisational understanding. The corrective
is to stop pretending that a successful POC is a meaningful step toward production.

Every AI initiative should begin with two parallel assessments: Can the model work? and
Can the organisation run it? The first is the POC. The second is an honest evaluation of
production readiness — data infrastructure, engineering capability, integration
architecture, change capacity, and governance maturity. Until both assessments are
positive, the initiative is not ready to proceed, no matter how impressive the
demonstration.

The organisations that will extract real value from AI are not those running the most
pilots. They are those that have built the operational muscle to turn a working model into
a working capability.


